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A: Model structure and single cell properties. B: Calculated LFPs of single Type-C PN and ITN ACkﬂOWledg ments
In response to an excitatory synaptic current input. C: Cartoon of model design and connectivity.
D: The model consists of 24,300 PNs and 2,700 ITNs, randomly distributed in cuboid-like Supported by.
structure. Inset plot shows placements and orientations of representative cells in the structure.




